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ABSTRACT 

The purpose of this bachelor’s thesis “Data Analytics Outsourcing” is to examine the current data 

analytics outsourcing market and its prospects. This thesis aims at identifying the opportunities 

and challenges in the market. The reasons behind outsourcing data analytics are considered. The 

focus is on Finnish companies. 

 

Literature review is the methodology of the thesis. The topic is examined by doing a literature 

review in data analytics outsourcing and related concepts. Most sources are from online databases, 

particularly from Google Scholar.  

 

The study shows that there are multiple opportunities and challenges that data analytics 

outsourcing brings. The reasons for outsourcing vary between different companies. Data analytics 

can benefit companies both economically and non-economically. Outsourcing helps companies 

adopt data analytics. 

 

In conclusion, data analytics outsourcing is already widely used in business. Data analytics 

outsourcing is expected to expand rapidly in the following years around the world, especially in 

Finland and other Western Europe and North America, as the amount of data in the world 

increases and data analytics applications are improved all the time. 
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1 INTRODUCTION 

Amount of data has grown dramatically in the last decades. In a research by Åse 

Dragland (2013), he suggests that “90 percent of all the data in the world has been 

generated over the last two years” (Dragland 2013). People and businesses produce data 

in everyday life all the time. 

This development has led to new business opportunities around data. Collecting data 

has become easy due to technological progress. Analytics deals with data and makes 

suggestions based on that. Data analytics is one application of analytics. 

Data analytics has become widely used. It is a trending business in today’s world and its 

jobs are among the highest growing jobs. In the United States, data scientist was the 

most promising job in 2019 (Pattabiraman 2019).  

This thesis concentrates on data analytics from outsourcing perspective. Outsourcing is 

a business practice where an organization hires another party to take responsibility for 

some services or goods of the organization. IT outsourcing market has grown in fast 

pace in the recent years with annual growth rate of 6.2% (Liwen and Wei-Jun 2018). 

1.1 Research objectives and research questions 

The purpose of the research in this bachelor’s thesis is to find out how companies 

outsource data analytics. Research objectives include exposing what current situation is 

in data analytics and taking part in the discussion of the future of data analytics 

outsourcing.  

There are multiple research questions for the thesis: 

1. What is the current situation in data analytics outsourcing? 

2. How companies outsource data analytics in the future? 

The objective of the first question is to consider existing outcomes when it comes to 

data analytics outsourcing. The research tries to answer what, why and by whom data 

analytics is outsourced. Reasons behind outsourcing and opportunities and challenges 

that data analytics outsourcing provides are researched.  



2 

 

The objective of the second question is to predict and find recommendations on the 

future of outsourcing data analytics. The thesis aims at finding new opportunities for 

companies in the future based on the research outcomes. 

1.2 Scope of research 

The thesis takes a broad perspective on data analytics outsourcing in order to get the 

whole picture on that. There are few limitations in the research concerning the concept 

of data analytics and researched companies. 

Analytics is a wide concept and there are many applications included in the industry. 

This research focuses on data analytics. Data analytics and business analytics are nearby 

concepts. Both are subtypes of analytics which aims at transforming data into useful 

information to be used in decision making (Wilder and Ozgur 2015). In many sources, 

data analytics and business analytics are categorized as identical terms. Similarly, data 

analytics and data analysis are often categorized as identical terms. This thesis uses 

them interchangeably and does not make a difference between the two pairs of concepts.  

Only some certain kind of companies are considered. The scope of research is limited to 

the private sector. The focus is on Finnish companies, but also other areas are 

researched.  

1.3 Methodology 

The subject is examined by doing a literature review of relevant publications in data 

analytics outsourcing and related concepts. There are plenty of relevant publications on 

the subject to research. I chose literature review as my research method in the thesis for 

few reasons. Since my thesis topic is quite broad, it needs to be approached with a large 

perspective. Literature review is a suitable method for getting a large perspective on the 

subject instead of digging deep only on some specific part. There are many concepts 

that need to be defined in the thesis. However, different sources have slightly different 

definitions of them. Conducting a literature review enables considering and comparing 

different definitions. 

In the thesis, my basic approach for doing a literature review begins with searching 

publications relating to the thesis topic by using different keywords. After that, I try to 
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find relevant references to refer to in the thesis from related publications. Most of the 

scientific publications used in the thesis are from 2017 or newer. Most of them are from 

online databases. In search of publications, Google Scholar is mainly used using 

different keywords relating to the thesis topic. In addition to the keywords in the topic 

“data”, “analytics”, “outsourcing”, “data analytics” and “data analytics outsourcing”, 

most used keywords include “business analytics”, “big data” and “analytics use cases”.  

1.4 Structure of research 

There are four chapters in the thesis: Introduction, Theoretical background, Data 

analytics outsourcing and Discussion and conclusions. 

The first chapter, Introduction, presents the purpose of the thesis and opens how it is 

approached. It introduces the research objectives, the research questions, the scope of 

research, the methodology and the structure of research that are used in the thesis. 

The second chapter, Theoretical background, explains key concepts and the theoretical 

basis of the thesis. The difference of data analytics and nearby concepts are touched on. 

The chapter builds a basis for the literature review on data analytics outsourcing. 

The third chapter, Data analytics outsourcing, contains the implementation of the 

research. Results based on the literature review are presented. 

The fourth chapter, Discussion and conclusions, discusses the outcomes of the thesis. 

Conclusions are made in view of the current situation and the future. Implications to 

practice and suggestions for further research are presented. 

 

2 THEORETICAL BACKGROUND 

This chapter presents the theoretical background of the research. It builds ground for the 

literature review on data analytics outsourcing in the thesis. There are three key 

concepts that need more detailed examination in the paper: big data, data analytics and 

outsourcing. 
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2.1 Big data 

Big data means large-scale digitalization of data (Liebowitz 2013). Big data is usually 

defined by three main characteristics, known as the 3Vs: Volume, velocity and variety 

(Oussous et. al. 2018): 

• Volume: Massive amount of digital data is generated from millions of devices 

and applications all the time. Volume is doubling every two years. 

• Velocity: New data is generated in fast speed all day. It challenges businesses to 

process data faster and faster into examined useful information. 

• Variety: Data is complex as it is generated from various sources in multiple 

formats. Data sets include different kinds of data: structured, unstructured and 

semi-structured data. (Oussous et. al. 2018.) 

There are also other dimensions of big data. Veracity means that some sources of big 

data are unreliable, imprecise and uncertain. Variability represents the variety of data 

which is a result of the fact that data velocity is not consistent. Complexity refers to the 

multiple sources that big data is generated through. Value defines big data because it is 

typical for big data that it has low value with respect to its volume. Still, high values can 

be achieved by analyzing large scales of big data. (Gandomi and Haider, 2014.) 

As mentioned above, big data is generated all the time. Big data generates from 

different electric actions and communication between machines (Tietotekniikan käyttö 

yrityksissä 2018). For example, when an individual search on Google, he gives data of 

himself. This creates big data when searches are stored by machines. There were over 

five billion Google searches a day in the United States alone in 2019 (Clement 2019). 

According to an article by The Economist (2017), data has become the most valuable 

resource of the digital era. Data has positive impact on business when it is turned into 

business opportunities. In order to do that, it is critical to transform data into a form 

where it can be examined. (Leader: The World’s Most Valuable Resource is no Longer 

Oil, but Data 2017). 
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Platform Amount per minute 

GIPHY GIFs 4,800,000 

YouTube videos watched 4,500,000 

Snapchat snaps 2,100,000 

Facebook logins 1,000,000 

Twitch views 1,000,000 

Social media platforms produce huge amount of data all day. Figure 1 shows the social 

media usage per minute in the United States in 2019 (Clement 2019). In addition to the 

example platforms in the figure, there are also many other social media platforms that 

produce a large amount of data all the time. 

Big data applications analyze and use big data in decision making. There are some 

challenges that characterize the applications. They are related to data acquisition, data 

storage, data management and data analysis. Data representation aims at presenting data 

in a useful and efficient way to enable operations based on data. If it is done improperly, 

it reduces the value of original data. As big data datasets consist of huge volume of data, 

there is also much redundant data. Datasets can be cleaned and improved by data 

compression and redundancy reduction. Data life cycle management is needed for 

managing the flow of a dataset throughout its whole life cycle from creation to deletion. 

Data confidentiality refers to protecting sensitive data when data is transacted between 

different parties. Applications must meet the performance requirements and have 

enough expendability and scalability that support both present and future datasets. 

(Chen et. al. 2014.) 

When big data is integrated from one into another data environment, ETL comes into 

use (Bala et. al. 2017). ETL comes from words extract, transform and load. They are 

used to transform data into a format that meet the requirements of data warehouses. 

Many software suppliers, like IBM, offer ETL software tools. ETL tools are three 

functions: 

Figure 1: Social media usage per minute in United States in 2019 (Clement 2019) 
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• Extract means reading data from the source data warehouse. 

• Transform means converting a format of data in the requirements of the target 

data warehouse by using rules or merging data with other data. 

• Load means writing, cleansing, standardizing, conforming purposes and loading 

data to the target data warehouse. (Bala et. al. 2017.) 

ETL environment consists of a processing layer which includes three functions and a 

data store layer which includes data sources, data staging areas and data warehouses. 

Data sources are associated with the function extract. Data staging areas sit between 

data sources and data targets which are often warehouses and are used for data 

processing during the ETL process. They are associated with both transform and load 

functions. Data warehouses are associated with load function. (Bala et. al. 2017.) 

Big data has clearly become a core resource in business regardless of the industry. Big 

data changes the way that business actions are managed. As there is more information 

available, business decision making has become easier. Big data opens new 

opportunities for every business, and business around big data has become a big new 

field as such in recent decades. 

2.2 Data analytics 

Big data is like a collection of raw and unstructured high-volume and fast-generated 

data that has high variety. By itself it does not have that much worth. The potential 

value of big data emerges when it is used in decision making.  

Big data, high-performance computing and ability of automated decision making have 

created conditions to business analytics (Liebowitz 2013). The relationship between big 

data and data analytics can be compared to the relationship between a library and a 

book, where big data is like library and data analytics is like a book. In order to get 

benefits from big data, it needs to be filtered and sorted. Data analytics is a tool for that. 

Data analytics uses big data to make insights into the business based on historical data. 

It has become popular in 2000s. A book by Professor Thomas Runkler (2016) defines 

data analytics: “Data analytics is defined as the application of computer systems to the 

analysis of large data sets for the support of decisions.” (Runkler 2016.) 
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There are few different approaches to processing a data analysis project. According to 

the book by Thomas Runkler (2016), a typical data analysis project includes four 

phases: preparation, pre-processing, analysis and postprocessing. In the preparation 

phase, project is planned, feature is generated, and data is collected and selected. In the 

pre-processing phase, raw data material is cleaned, filtered, completed, corrected and 

transformed into standardized form. The analysis phase includes visualization, 

correlation, regression, forecasting, classification and clustering. The postprocessing 

phase consists of interpretation, documentation and evaluation of analysis. (Runkler 

2016.) 

A data analytics project is done using statistical software solutions. Software solutions 

process collected data in data sets and visualize data in chosen form. There are multiple 

free open source software solutions to use in data analytics like programming language 

R. There is a lot of competition in offering analytics software solutions. IBM, 

Microsoft, SAP and SAS belong among the biggest companies that provide data 

analytics software solutions. They offer a wide set of data analytics products and 

solutions. 

 

Data analytics can be divided into four levels that are presented in Figure 2. Descriptive 

analytics is the simplest form of analytics. It evaluates historical results by collecting 

original data, visualizing it, and making decisions based on that. (Ylen et. al. 2018.). 

Nowadays, descriptive analytics is the most common form of analytics because of its 

ease of use and extensive application (Data Analytics Outsourcing Market Analysis, 

Market Size, Application Analysis, Regional Outlook, Competitive Strategies and 

Forecasts, 2016 To 2024 2017). 

The other three levels belong to advanced analytics. They create models from data. 

Diagnostic analytics tries to find cause and effect -relationships from historical data and 

Descriptive 
analytics

Diagnostic 
analytics

Predictive 
analytics

Prescriptive 
analytics

Figure 2: Four levels of data analytics (Ylen et. al. 2018) 

What is 

happening? 
Why is it  

happening? 
What is likely 

to happen? 
What is 

needed to do? 
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understand why something happened. Predictive analytics emphasizes on predicting 

future outcomes. Prescriptive analytics is used to find recommended solutions to get 

desired outcomes. (Ylen et. al. 2018.) The prescriptive analytics market is expected to 

expand in the future because of new applications (Data Analytics Outsourcing Market 

Analysis, Market Size, Application Analysis, Regional Outlook, Competitive Strategies 

and Forecasts, 2016 To 2024 2017). 

When it comes to the history of data and business analytics, business analytics appeared 

in 1950s – Analytics 1.0 era – when business intelligence came into use. New tools 

were able to generate larger amounts of data in data warehouses and discover patterns 

faster than human minds. Processed data was small-scaled, structured and analytics was 

slow and descriptive. In early 2000s – Analytics 2.0 era – the arrival of big data had 

created conditions for bigger data analytics industry as tools became more powerful and 

visual and suited for bigger, unstructured and fast-moving data. Due to the growth of 

Internet of Things, Analytics 3.0 era from 2013 to 2016 induced predictive and 

prescriptive analytics. Since then, analytics has become a core capability in business. 

The existing era – Analytics 4.0 era – has brought cognitive technologies, automated 

solutions, and autonomous analytics to the market since 2016. (Vassakis et. al. 2017.) 

The previous chapter mentions business intelligence in the first era in the history of data 

analytics. Business intelligence provides meaningful data, information and knowledge 

for decision making and sometimes data analytics is described as a part of business 

intelligence. (Sun et. al. 2015.) So, business intelligence is a broad umbrella term for 

many data-driven concepts. Data analytics and business intelligence share many 

common tools for supporting decision making. 

2.3 Purpose of data analytics 

There are multiple ways in which data analytics can bring business benefits. The 

definition of data analytics is different in different sources, but different definitions have 

many things in common. One unifying factor is that data analytics helps organization 

change in the right direction. 
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A study by Power et. al. (2018) presents a text analysis for defining term business 

analytics by searching key words “business analytics”, “data analytics” and “business 

intelligence” in Google Search. Figure 3 consists of 92 words included in top 15 

definitions for business analytics. The size and boldness of words presented in the figure 

show the frequency of different words in definitions. Business analytics is clearly a 

data-driven, analysis-driven, business-driven and future-driven field. Businesses and 

organizations analyze data to plan their future. (Power et. al. 2018.) 

Based on the figure, business analytics and data analytics have many purposes that can 

be summarized in the following list: 

• Analyzing existing data in order to gain results, insights and solutions 

• Optimizing business processes with statistics methods, tools and applications 

• Predicting and planning the future by making simulations and scenarios 

• Driving change and supporting decision making 

According to the different definitions of business analytics, it offers many advantages. 

In a nutshell, business analytics aims at leading companies to the right direction by 

producing meaningful information based on big data. 

Figure 3: Business analytics definitions (Power et. al. 2018) 
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As shown in earlier subchapters, data analytics helps making changes in the right 

direction. Figure 4 describes how data analytics helps an organization to change. 

Analyzed data creates insights. That leads to action when value is defined and 

communicated. In order to change, there must be trust which is built by delivering and 

measuring value. Action with trust leads to change. (Liebowitz 2013.) 

Expected value is a key factor for most decision makers. It must be realized. Defining 

the value justifies actions. People need to understand the value in order to build support. 

Communicating the value is done by presenting information in a way that people 

understand. Both tactical and strategic perspectives are required in delivering true value. 

Demonstrating returns by measuring results is necessary so that trust can be built. 

(Liebowitz 2013.) 

2.4 Use cases of data analytics 

There are many ways in which companies use data analytics in practice. This chapter 

presents common use cases. The use of data analytics is different in different companies 

because companies that use big data differ from each other. Some use cases are 

Figure 4: Cycle of change with data analytics (Liebowitz 2013) 
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industry-specific but most of the presented examples are not dependent on which 

industry a company is in. 

This paper examines multiple sources that shows ways to benefit from data analytics. 

Cynthia Harvey concentrates on the business insights that big data offers in her article 

“Big Data Use Cases”. A research by Urbinati et. al. (2018) introduces many ways how 

companies can leverage big data in a digital transformation context. In interview 

research by Jill Dyche and Tom Davenport (2013), they discuss how data analytics 

applications create value. SAS belongs among the biggest companies that supply 

services and products of data analytics and this study examines its offerings. 

According to Cynthia Harvey, big data is used to get a 360-degree view of the 

customers by creating a dashboard with demographic data, internal information like 

customers’ interactions with the company and external information like customer’s 

social media activity. The goal of data warehouse offload and optimizing operational 

efficiency is cutting costs. Price optimization offers static and dynamic pricing 

strategies and aims at higher revenues. Widely popular recommendation engines use 

data analytics to analyze historical data. When it comes to criminal activity, data 

analytics offers solutions for fraud prevention and security intelligence. (Harvey 2017.) 

Based on a research by Urbinati et. al. (2018), companies can leverage big data in a 

digital transformation context in many ways. Big data enables customer needs to be 

identified and hence company’s value proposition redesigned. Trends of consumer 

interests can be monitored, and companies can understand what customers want. 

Offered services’ quality can be improved when customers’ unspoken needs, 

requirements and their patterns of behaviour are analysed. Big data aims at risk 

management and reducing uncertainty in decision making by developing effective 

means. Data-driven knowledge from the analysis of databases enables to understand 

better the problems that customers face. Data analytics can be leveraged in a product 

and service design process which can lead to better efficiency and cost-cutting 

strategies. Data analytics can be a tool for collaborative design when developing new 

products. Data can be integrated with quality management and control of processes and 

their outcomes through the whole lifecycle. Data analytics can support recognizing new 

opportunities for innovation activities and business model development. (Urbinati et. al. 

2018.) 
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According to the interview research by Jill Dyche from SAS and International Institute 

for Analytics co-founder Tom Davenport (2013), data analytics gives value in at least 

three ways by reducing costs, providing more efficient decision making and leading to 

new products and services. It reduces costs because data analytics brings cost 

advantages in storing data and identifies more efficient ways of doing business. 

Decision-making becomes faster and more accurate when decisions can be based on 

analyzed data. New products and services are a result of the ability of satisfying 

customer needs more closely. (Davenport and Dyche 2013.) 

SAS gives few examples of how different industries use data analytics. Life sciences 

can use data analytics together with Internet of Things and artificial intelligence in order 

to improve the speed and efficiency of clinical research with intelligent solutions. 

Banking sector use data analytics to transform unstructured data into useful information 

in financial decisions. Data analytics helps manufacturing industry to discover 

opportunities for saving costs and getting revenues. By using data analytics, health care 

industry can analyze effectively complex types of information. Retail industry can meet 

customers’ demands more precisely and boost profitability with data analytics. (Big 

Data Analytics 2020). 

When viewing these different sources, there are clearly many applications to utilize data 

analytics. To summarize the views, the following uses of data analytics seem to be most 

common: 

• Data analytics enables companies to get a 360-degree view of the customers in 

order to fulfil their needs and requirements. 

• Developing meaningful information by data analytics can lead to faster and 

more accurate decision-making. 

• By identifying new opportunities and creating new business models, data 

analytics can result in increased efficiency and cost reduces. 

• More precise satisfaction of customers’ needs and recognizing new opportunities 

create chances for new products and services. 

Understanding the customers seems to be at the centre when using big data. A blog by 

SAP SE (2016), a German-born company which is the biggest software company in 
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Europe, presents The Business Application Research Center’s survey “Big Data Use 

Cases”. The survey includes 1000 big data use cases. The report shows that “customer” 

is the most popular word in the most popular fields where big data is used, marketing 

and sales (1,000 Big Data Use Cases in a Nutshell 2016). Companies can get acquainted 

with their customers more accurately and efficiently with big data. Having a complete 

picture of customers, companies can target and communicate their offerings better to 

customers. 

2.5 Outsourcing 

In outsourcing, an organization engages an external provider to carry out at least some 

of its activities or processes (Stojanov 2017). According to a book by Adam A. 

Ambroziak (2017), outsourcing can be divided into captive and non-captive 

outsourcing. In captive outsourcing, an outsourcing company and external provider 

share a common ownership, whereas they do not share a common ownership in non-

captive outsourcing. (Ambroziak 2017.) This thesis concentrates on non-captive 

outsourcing. 

Outsourcing can benefit a company with many positive effects. According to a book by 

M. Stojanov (2017), the most significant reason for outsourcing is that it can lead to 

direct and indirect cost reductions by optimizing and lowering the costs associated with 

an outsourced activity or leading to tax reductions. Outsourcing can also help 

companies save time and concentrate on their core business and improve the quality of 

an outsourced service or product. (Stojanov 2017). 

On the other hand, various disadvantages may be subject to outsourcing. There may be 

hidden costs associated with outsourcing, like the cost of selecting an external partner. 

In addition, there may be difficulties in the relationship between an outsourcing 

company and an external provider. For example, external employees may not fit into the 

corporate culture. (Stojanov 2017). 

In Finland, around 10% of companies with more than 50 employees have outsourced 

overseas, according to a study by Statistics Finland (2018). It is more common in 

companies with 100 or more employees compared with companies with less than 100 

employees. Overseas outsourcing has decreased from 2010 to 2016. However, at the 

same time, outsourcing of support activities has increased. Based on the study, 
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outsourcing is more popular with companies’ support activities than core activities. 

Companies use to keep their core competency in their own hands. (Ulkomaille 

ulkoistaminen laskusuunnassa 2018.) 

 

3 DATA ANALYTICS OUTSOURCING 

This chapter includes the methodology and results of the thesis. Main findings are 

presented. Data analytics outsourcing is studied by doing a literature review which is the 

research methodology. 

The chapter is divided into four subchapters. Analysing begins with showing some 

statistics of data analytics in the first subchapter. The commonness of in-house and the 

commonness of outsourced analytics in Finland are compared with each other. Values 

vary between different industries. Other three chapters address data analytics 

outsourcing from three approaches. Firstly, possible benefits are considered. Secondly, 

challenges subject to outsourcing are considered. Thirdly, some success factors to 

consider when outsourcing are discussed. 

3.1 The current data analytics outsourcing market and its prospects 

Analytics is the latest activity companies have begun to outsource to business process 

organizations. Several Fortune 500 companies outsource data analytics nowadays. 

(Fogarty and Bell 2014.). Based on a market analysis by Hexa Research (2017), the data 

analytics outsourcing market is expected to expand 30% from 2016 to 2024 and market 

size is expected to exceed USD 6 billion by 2024. Key driver for the change is that the 

awareness of the advantages of data analytics has grown. (Data Analytics Outsourcing 

Market Analysis, Market Size, Application Analysis, Regional Outlook, Competitive 

Strategies and Forecasts, 2016 To 2024 2017.) 

Today, Asia Pacific is the leading data analytics outsourcing market where India, 

Philippines and China are the three biggest markets. There is skilled labor force, low 

labor costs, strong technology infrastructure and well-developed telecom infrastructure. 

There is also high demand for data analytics due to the widespread implementation of 

information technology, globalized processes and improved operations. In the next few 

years data analytics outsourcing is expected to expand in other regions, particularly in 
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countries in Finland and other Western Europe and North America, that have huge 

demand for data analytics. (Data Analytics Outsourcing Market Analysis, Market Size, 

Application Analysis, Regional Outlook, Competitive Strategies and Forecasts, 2016 To 

2024 2017.)  

In Finland, 19% of companies have taken advantage of big data according to Statistics 

Finland’ statistics from 2018. Percentages shows how many companies have done data 

analyses in-house or by outsourcing among the companies that have utilized big data. 

68% of companies use in-house data analytics. 45% of companies outsource data 

analytics. 23% of companies use both in-house and outsourced data analytics. 

(Tietotekniikan käyttö yrityksissä 2018.) 

 In-house data analytics Outsourced data analytics 

Most common Information and 

communication (89%) 

Retail (65%) 

 Professional, scientific and 

technical activities (82%) 

Accommodation and food 

services (62%) 

Least common Retail (30%) Transport and storage (29%) 

  Information and communication 

(29%) 

Figure 5 compares how common it is to do data analytics in-house and by outsourcing 

in different industries based on statistics by Statistics Finland (2018). Percentages show 

how many companies have done at least one analysis in a certain industry. In-house data 

analytics seems to be most common in the industries of information and communication 

and professional, scientific and technical activities and least common in retail industry. 

When outsourcing data analytics, retail and accommodation and food services industries 

are most common. Transport and storage, and information and communication are the 

least common industries. (Tietotekniikan käyttö yrityksissä 2018.) 

Figure 5: Data analytics outsourcing commonness in different industries 
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3.2 Benefits to gain from data analytics outsourcing 

Outsourcing data analytics processes may offer companies multiple advantages. It can 

lead to cost reduction opportunities. Outsourcing is a major way to meet the need of 

required workforce as data analytics requires a serious set of skills. There are also other 

ways to gain benefits by outsourcing. Reasons to outsource data analytics differ from 

each other in different companies.  

An article by Fogarty and Bell (2014) in MIT Sloan Management Review discusses 

how outsourcing analytics can offer benefits and what it requires. It is based on a study 

of four multinational companies that outsource their analytics tasks to one or more 

business process organizations, as well as four analytics business process organizations 

operating in India. (Fogarty and Bell 2014.) 

Reasons for outsourcing data analytics are dependent on how superior companies are 

analytically. Analytically challenged companies can benefit from outsourcing because 

they lack in-house knowledge and experience in data analytics. The shortage of analysts 

is driving companies to consider outsourcing. Outsourcing helps get capabilities quickly 

and at a low cost. Investing in workforce is less risky compared with setting up an in-

house analytics team when future benefits are unknown. Analytically superior 

companies outsource some of their analytics like low-level analytics. It increases 

flexibility as fixed costs become variable costs. Companies can also get tax advantages 

by outsourcing analytics. (Fogarty and Bell 2014.) 

Companies can get cost reductions by outsourcing data analytics (Fogarty and Bell 

2014). Outsourcing analytics makes companies more flexible. They can scale up and 

scale down outsourced resources (Analytics Accelerates Into the Mainstream 2017). 

Scaling up and down can follow the varying demand of analytics skills that outsourcing 

companies need. Following the demand more accurately increases cost-effectiveness. 

On the other hand, economic factors are not always most significant. A dissertation by 

Shariful Islam (2019), a doctoral candidate in the College of Business at Louisiana Tech 

University, examines the adoption and outsourcing of data analytics among internal 

audit functions. The study results can be applied also to other functions. According to 

the study results, economic factors are not most significant. Instead, strategic and 

sociological factors are more significant, especially when outcomes are unpredictable 
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and when significant organizational changes occur. In addition to the lack of data 

analytics skills, internal audit functions use to outsource data analytics when they lack 

needed skills or are tasked with fraud risk management responsibilities. (Islam 2019.). 

Strategic drivers arise interest for outsourcing. According to article by Cheon et. al. 

(1995), strategic drivers include: “focus on core competencies, concerns about in-house 

capabilities, opportunities for restructuring and a desire to access technology and 

expertise”. (Cheon et. al. 1995.) 

One major reason for outsourcing data analytics is that it is one way to address the lack 

of skills. Data analytics efforts require skills and expertise. There is a scarcity of 

professionals in data analytics (Data Analytics Outsourcing Market Analysis, Market 

Size, Application Analysis, Regional Outlook, Competitive Strategies and Forecasts, 

2016 To 2024 2017). Most companies are not capable of doing all the required 

analytical work in-house (Sanders 2016). According to a report by Dun & Bradstreet 

(2017), 55% of companies surveyed outsource at least some of their analytics to fulfil 

their need of skills. The senior executive respondents work in 314 enterprises across a 

range of industries in the United States, Canada, the United Kingdom and Ireland 

(Analytics Accelerates Into the Mainstream 2017). 

In addition to meeting required skill capabilities, external providers can offer other 

benefits as well. They can offer access to additional databases and a wide scale of 

analytical assistance. Many external providers are specialized in certain industries and 

have a lot of technical knowledge on specialized segments. Partnering with them can 

offer a lot of competitive advantage (Sanders 2016). 

3.3 Challenges to face in data analytics outsourcing 

Companies must face some challenges when they consider data analytics outsourcing. 

According to the literature review, one of the biggest concerns is data security. Data 

security solutions must be managed confidently. Otherwise, there is a risk of data 

breaches to occur. Also, an outsourcing company loses some of its control to its 

activities when outsourcing. Therefore, identifying the critical success factors and core 

intellectual property are necessary. Having control over them and joint work as well as 

having enough visibility in an outsourcing project are important. Then a win-win 

relationship between an outsourcing company and an external provider can be achieved. 
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Data security and data privacy play a big role in business today. Consumers value data 

protection high. According to the European Union (2020), “more than 90% of 

Europeans want the same data protection rights across the EU regardless of where their 

data is processed”. Therefore, the EU adopted data protection regulation The General 

Data Protection Regulation which was implemented in May 2018 (Data protection in 

the EU 2020). According to a report concerning consumer privacy by Cisco (2019), 

one-third of consumers belongs to a segment called “privacy actives” who care about 

data privacy and have already acted by switching companies or providers over their data 

policies and practices (Consumer Privacy Survey 2019). Businesses need to meet the 

demands of data privacy by consumers. It is no wonder that data privacy is included in 

the top three most important policies to business in CEO’s opinions (Top Policy Trends 

2020: Data privacy 2019). 

As there may be a lot of sensitive data in a data analytics process, data security and data 

privacy play a big role in the process. An outsourcing company must make data 

available to a third party, an external provider, who does data analytics on behalf of the 

outsourcing company. Both parties, an outsourcing company and an external provider, 

have confidentiality concerns regarding their data and methods. An outsourcing 

company wants to ensure the privacy of the data, and an external provider wants to 

ensure the privacy of the queries and methods that belong to its intellectual property. 

(Kerschbaum and Vayssiere 2016.) 

There is always a risk for data breaches in outsourcing projects. In many cases, third-

party vendors do not pay enough attention on client’s security interests. In fact, 63% of 

data breaches in 2012 were caused by third parties of IT system administrations 

according to a report by Trustwave (2013) including 450 global data breach 

investigations (Trustwave Global Security Report 2013). Outsourcing companies should 

work proactively to decrease that risk. Data security cannot take a back seat in an 

outsourcing project. 

To answer the data security concerns presented above, SAP SE has applied for a patent 

for a searchable encryption system and techniques that protect the data of multiple 

parties. The method for a data analytics project consists of an auditing company 

receiving the outsourced data, ciphering data so that it remains hidden from the auditing 

company, generating a query token so that the constant provided by the auditing 
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company remains hidden from the outsourcing company and analysing the ciphered 

data using the query token. (Kerschbaum and Vayssiere 2016.) 

In addition to data security concerns, there are also other challenges in data analytics 

outsourcing. A company loses some of its control to its activities when outsourcing. An 

outsourcing company do not want to lose its control of critical success factors and core 

intellectual property to another companies. Critical success factors and core intellectual 

property must be carefully identified when considering data analytics outsourcing. 

(Fogarty and Bell 2014.)  

Sufficient visibility is needed to prevent companies from overpaying for service or 

having a conflict with an external provider. Used business models as well as contracts 

between an external provider and an outsourcing company rely heavily on assumptions. 

In many cases, business models favour external providers because the estimates usually 

err on the high side. Then outsourcing companies overpay for the service. (Killinger 

2019.)  

In a data analytics outsourcing project, there is also risk of a conflict between two 

different companies whose cultures and motives may differ from each other. A 

relationship between different parties may be too distant and less strategic compared 

with in-house relationships. Companies may not be able to utilize their whole 

knowledge because of lack of openness in communicating and transferring knowledge. 

(Fogarty and Bell 2014.) An outsourcing company must try to maintain an appropriate 

degree of control over joint work to mitigate risks. 

3.4 Success factors to consider when outsourcing data analytics 

There are many success factors to consider and decisions to make when outsourcing 

analytics. Developing a good strategy and creating a strong relationship with the 

external provider are crucial. A partner, people and platforms should be chosen 

thoroughly.  

Companies should be particularly careful in outsourcing projects with large criticality 

and scope (Sanders 2016). Criticality describes the importance of outsourced activities 

and the consequences of possible poor performance. Scope means the degree of 
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outsourced responsibility. Scope affects the relinquishing of control over the activities 

to an external provider.  

An article by Nada R. Sanders (2016) suggests that companies should develop skilfully 

formulated analytics outsourcing strategy. Strategy making is the more important, the 

bigger criticality and scope outsourced activities have. Strategy making begins with 

understanding company’s own current capabilities, processes and needs. Then the 

company should compare external providers and favour the companies that are 

specialized in the same industry that the outsourcing company is in. In addition to 

figuring out company’s current situation and comparing external providers, the ability 

of interfacing with current systems and the ability to scale and address the company’s 

immediate need should also be considered in the provider choice. Some partners may 

help in short-term technical capabilities, and others may focus on building highly 

scalable long-term capabilities. (Sanders 2016.) 

Strategy making goes hand in hand with creating a strong relationship between an 

outsourcing company and an external provider. That begins with choosing a partner to 

match culture and business requirements (Fogarty and Bell 2014). Collaboration, mutual 

respect and continuous communication align strategies, goals and objectives of different 

parties. Co-management increases transparency and aligns interests in the same 

direction. It can be built by defining decision-making and authority rights and having 

secure executive commitment and tier management structure with peer-to-peer 

alignment. (Killinger 2019.) 

Along with choosing a partner, building a strong relationship includes choosing people 

and platforms. That begins with choosing the executives with enough skillset, 

experience and appropriate authority. An outsourcing model is distinctly different from 

an in-house service. The same individuals that handle in-house analytics may not be 

competent enough in managing an outsourcing project. Executives should be able to 

develop relationship with all stakeholders, ensure strategy and operations at all levels 

and particularly between the two parties. (Killinger 2019.) 

Choosing platforms and technical tools is critical. When it comes to requirements that 

platforms should fulfil, they should be able to capture accurate and automated data, 

ensure real-time visibility, link captured data to current metrics, free up governance 
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team resources to focus on other tasks and support data-driven approach and continuous 

improvement (Killinger 2019). 

Maintaining a successful relationship requires good communication. Decisions, 

particularly important ones, need to be fully communicated between both parties and 

roles need to be clarified (Fogarty and Bell 2014). Both parties should also have 

visibility into how work happens (Killinger 2019). 

 

4 DISCUSSION AND CONCLUSIONS 

This chapter is the final chapter of the thesis and includes discussion and conclusions on 

the thesis topic, data analytics outsourcing. The chapter consists of answers to the 

research questions, summary of the research, implications to practice and 

recommendations for further research.  

As introduced in the introduction chapter, there are two research questions for the 

thesis: 

1. What is the current situation in data analytics outsourcing? 

2. How companies outsource data analytics in the future? 

Based on the literature review, data analytics outsourcing is already widely used in 

business. Data analytics outsourcing is also expected to expand rapidly in the following 

years, especially in Western Europe and North America. Companies from various 

industries will use and outsource data analytics more in the future as amount of data 

increases and data analytics applications become better and better all the time.  
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Product life-cycle theory by American economist Raymond Vernon (1966) describes a 

life cycle of a product from its introduction to market to finally its removal from market 

(Vernon 1966). The theory can also be used to model services. Figure 6 presents a 

service life-cycle model for data analytics outsourcing. Based on the literature review, I 

would put data analytics outsourcing, which the black dot presents, in the growth stage 

near the introduction stage. It describes that data analytics outsourcing is already 

introduced to market. The industry grows every year and is expected continue growing 

for many years before entering maturity and decline stages.  

Previous chapter “Data analytics outsourcing” presents the methodology, results, and 

findings on the thesis topic. They are based on literature review with multiple sources. It 

consists of four subchapters whose themes are:  

• The current situation of data analytics outsourcing market 

• The benefits that can be achieved through data analytics outsourcing 

• Success factors to consider when outsourcing data analytics  

• The concerns on data security when outsourcing data analytics 

Data analytics is the latest business activity that companies have begun to outsource to 

external providers. The data analytics outsourcing market is expected to increase a lot in 

Figure 6: A service life cycle model for data analytics outsourcing 

Introduction Growth Maturity Decline 
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the following years. Key driver for the change that the awareness of the advantages of 

data analytics has grown. 

Nowadays, one-fifth of Finnish companies have taken advantage of big data. Half of 

those companies have outsourced data analytics tasks. Finland belongs to Western 

Europe where the data analytics outsourcing market is expected to expand fast in the 

following years. In-house data analytics seems to be most common in the industries of 

information and communication and professional, scientific and technical activities and 

least common in retail industry. When outsourcing data analytics, retail and 

accommodation and food services industries are the most common industries, and 

transport and storage and information and communication are the least common 

industries.  

Outsourcing data analytics processes may offer companies multiple advantages. 

Reasons for outsourcing are dependent on how superior companies are analytically. 

Most companies are not capable of doing all the required analytical work in-house and 

outsourcing is one way to address the lack of skills. Outsourcing helps get capabilities 

quicker, with lower cost and smaller risk than doing in-house. Companies can get cost 

reductions and tax advantages by outsourcing data analytics. Outsourcing makes 

companies more flexible as fixed costs become variable costs. They can scale up and 

scale down outsourced resources. 

On the other hand, economic factors are not always most significant. Instead, sometimes 

strategic, and sociological factors are key decision drivers, particularly when outcomes 

are unpredictable. In addition, a company can get access to additional databases, get a 

wide scale of analytical assistance, and gain competitive advantage especially, when an 

external provider is specialized in the same industry that the outsourcing company is in.  

Along with advantages, there are also some challenges subject to data analytics 

outsourcing. An outsourcing company loses some of its control to its activities when 

outsourcing. Therefore, identifying critical success factors and core intellectual 

property, and having control of them and joint work are necessary to mitigate risks. One 

major concern in data analytics outsourcing projects is data security. There may be a lot 

of sensitive data in a data analytics project and both parties want to ensure the data 

security and data privacy in the process. Outsourcing analytics makes developing and 
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protecting intellectual property harder. There is also always a risk for data breaches in 

outsourcing processes, particularly because third-party vendors do not always pay 

enough attention on client’s security interests.  

To gain benefits and avoid risks from outsourcing data analytics, strategy development 

and creating a strong relationship with an external provider are essential. Strategy 

making is the more important, the bigger scope and criticality an outsourcing activity 

have. It consists of understanding company’s own current situation and choosing an 

external provider that can address company’s needs. 

Strategy making goes hand in hand with creating a strong relationship. Factors for 

building a strong relationship includes choosing a partner that match corporate culture, 

people that are competent enough and platforms that meet requirements. Collaboration, 

mutual respect, continuous communication and visibility align directions of different 

parties.  

4.1 Implications to practice 

Based on the results, data analytics market as well as data analytics outsourcing market 

are expected to grow fast. Data analytics becomes more useful all the time as tools 

become better and better. Therefore, companies should consider utilizing data analytics 

more. 

Outsourcing data analytics should begin with developing a good strategy and creating a 

strong relationship with an external provider. These become the more important, the 

larger the scope and criticality of outsourcing project are. A partner, people and 

platforms should be chosen carefully. Partnering with an external provider, that is 

specialized in the same industry, can offer a lot of competitive advantage. 

According to the literature review results, data security seems to be the biggest 

challenge in the data analytics outsourcing projects. Data security issues, data protection 

and intellectual property control must be managed confidently. Companies should also 

identify and keep control of their critical success factors, core intellectual property and 

joint work to mitigate risks during data analytics outsourcing projects.  
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4.2 Limitations and further research 

This thesis has certain limitations. Only private sector companies are researched. Focus 

is on Finnish companies. Analytics is a wide concept and there are many applications 

included in the industry. This research focuses on data analytics and business analytics. 

This paper uses literature review as a research methodology. It is an efficient method to 

examine a wide scale of data. However, case studies or surveys could bring new 

perspectives and research results on the thesis topic, data analytics outsourcing. 

I suggest that future research on data analytics would concentrate on the public sector. 

As I did a literature review for this research, I figured out that there is a lot of demand 

for data analytics in the public sector. I suppose that the benefits and challenges in data 

analytics outsourcing in the public sector differ from the private sector. Future studies 

could consider other applications around big data as well. They could use a case study 

or a survey as a research method. 
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